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CermeHTanus TEKCTYP B H300pakeHUAX NMOIy(PadpHKaTOB KOXKH C HCIOIb30BAHHEM JIOKAJIBHBIX OMHAPHBIX
NATTEePHOB

Paccmampusaemcs 3a0aua ceemenmayuu mexcmyp 8 uz00pasiceHusx nouygabpuxamog koicu. Ilooodmnule 3adauu
MO2YM 603HUKAMb NPU KOHMPOILe KA4eCcmed U320MmoeieHust IpOOYKYUU Ha NPOU3800Ccmee, Koeoa mpedyemcs ebloeiieHue
PA3TULHBIX TNEKCIYPHBIX AHOMATULL U Oeghekmos nonygabpuxamos. Ilpednaeaemcs memoo ¢opmuposanus mexkcmypHbIx
NPUBHAKOB DNEMEHMA U300PadCeHUsl, OCHOBAHHDIU HA OYeHKe NIOMHOCMEN TIOKATbHBIX OUHApHbIX nammepHos (LBP)
Kaxc0020 MUna 6 OKpecmHocmu snemenma. 1Ipusoosames pe3yiomamul IKCHEPUMEHMATBHO20 UCCICO08AHUA MEMOOA
ceaMeHmayuy Mexcmyp, UCHOTL3YIOue20 NPeONodHceHHble NPUSHAKU U NPOYedypy TUHEUHO20 OUCKDUMUHAHINHO20 AHATU3A
(LDA).

Knrouesvie crosa: cesmenmayus mexkcnyyp, mekcmypa Kodcu, MaluHioe O6y‘l€HU€, JIOKAJIbHblE 6uHaprl€ nammepHbl,
JIOKAJIbHble NPUSHAKU MEKCmYyp, JUHEUHbIL ()uCKle/luHaHmelﬁ AHRAIU3, mexHuyecKkoe 3perue.

Jeeumun Apkaouiit Buxmopoeuu — xano. mexu. nayx, ooyenm, ooyenm @I'BOY BO KPazauckuil 20Cy0apcmeenHblil
paouomexHuyeckuil yHueepcumem um. B.@. Ymxuna >>.
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Levitin A.V. Texture segmentation in semi-finished leather images using local binary patterns

The problem of texture segmentation in semi-finished leather images is discussed. Such problems may arise in product
quality control at production sites, where texture abnormalities and semi-product flaws should be detected. The paper
offers a method for developing texture signs of an image element by estimating the density of local binary patterns
(LBP) of each type in the element’s neighborhood. The results of the experimental study of the structure segmentation
method, which employs the proposed signs along with the linear discriminant analysis (LDA) procedure, are presented.
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